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LAMPIRAN

Lampiran 1 — Daftar Riwayat Hidup

Data Pribadi
Nama

TTL

Jenis Kelamin
Agama
Kewarganegaraan

Alamat

: Mohammad Fachriza

- Jakarta, 20 Januari 2001
- Laki-Laki

> Islam

- Indonesia

: JI. Adhi Karya No.51 RT/RW 006.005 Kedoya Selatan
Kebon Jeruk

Nomor Telepon / HP : 085714002488

E-mail

: m.fachriza.20@gmail.com

Riwayat Pendidikan

Periode (Tahun)

Sekolah/Institusi Jurusan | Jenjang Pendidikan

2007-2013

SDN 11 Pagi Joglo - SD

2013-2016

SMPN 206 Jakarta Barat - SMP

2016-2019

SMA 101 Jakarta Barat MIPA SMA

Lampiran 2 — Kode Untuk Preprocessing

In [1]: !pip insta
1pi t,

In [2]: data = pd.read
data.head(2000)

= pd.read excel ('Data_Tueet.xlsx')

out[2]:
username Text
[ @aetheriusjk lagi di fase frustasi, paling bentar lagi depresi
1 @youngbuichera4 RT @Karimnas_: Ini orang yang dulu biiang kasu
2 @sicty RT @TraseerNew: @fromureyes @anyarifes Untung

3 @makannyaindomie

depresi setelah belajar mtk minatoY+# hitps.

4 @kkobopb  Akhimya, terimakasih sudah membantu aku, kaak
1497 @ayupurwatie  Hebat yahl Diluar bagaimana keadaan baby, dan
1498 @bmyao @megworeng dulu kakak aku langsung jadi sih, 1.
1499 @Legjester  @HeadShalnark IMau tukar poin jadi kesehatan me.
1500 @ilisws  Mencari ketenangan bathin dan kesehatan mental
1501 @_riverheaven  RT @_riverheaven: Demi menjaga kesehatan menta.

1502 rows x 2 columns
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In [3]:

In [4]:

n [5]:

In [6]:

In [16]:

n [8]:

In [9]:

In [10]:

In [11]:

In [12]:
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df = data

#Tahap Casefolding

def casefolding(kalimat):
# Mengubah huruf kapital menjadi huruf kecil
kalimat = str(kalimat).lower()
# Menghapus username Twitter (yang dimulai dengan @)
kalimat = re.sub(r"@\w+" , kalimat)

#menghapus hastag
kalimat = re.sub(r'#\u+', ', kalimat)

#Menghapus Url
kalimat = re.sub(r"http\S+|wm\S+|https\S+", "", kalimat)

# Menghapus karakter non-alphanumeric, kecuali @ dan #
kalimat = re.sub(r"[*a-zA-20-9@#]", " ", kalimat)

#menghapus spasi
kalimat = kalimat.strip()

# Menghapus angka menggunakan regular expression
kalimat = re.sub(r'\d+', '°, kalimat)

return kalimat

df[*Casefolding’] = df['Text'].apply(casefolding)
df.head(1500)

from nltk.tokenize import word_tokenize

#Tahap Tokenizing

def tokenize_text(text) :
tokens = nltk.tokenize.word_tokenize(text)
return tokens

df['Token'] = df['Casefolding'].apply(tokenize text)
df.head(200)

#Stopwords

from Sastrawi.Stopl .Stopl
Factory = StophlordRemoverFactory()
stopwords = Factory.get_stop_words ()
print (stopwords)

tory import StophordRemoverFactory

['vang', 'untuk', ‘pada’, ‘'ke', ‘para’, ‘namun’, ‘menurut’, ‘antara’, 'dia‘’, ‘'dua‘, 'ia‘, ‘seperti’, 'jika', 'jika', 'sehingg
', 'kembali’, 'dan’, 'tidak', 'ini', ‘karena', 'kepada', 'cleh’, ‘saat', ‘harus', 'sementara', ‘setelsh’, 'belum’, ‘kami', 'se
kitar', 'bagi', 'serta’, 'di', 'dari’, 'telah’', 'sebagai’, 'masih', 'hal’, 'ketika', 'adalah’, 'itu’, 'dalam’, 'bisa’, 'bahua’
‘atau’, ‘hanya', ‘kita', 'dengan’, 'akan’, 'juga’, ‘ada’, ‘mereka’, ‘sudsh’, 'saya', 'terhadap’, 'secara’, 'agar’, 'lain’, ‘and
', ‘begitu', ‘mengapa’, 'kenapa', 'yaitu', 'yakni', 'daripada’, 'itulsh', 'lagi’, 'maka’, 'tentang', 'demi’, ‘dimana’, ‘keman
a', ‘pula’, 'sambil’, 'sebelum’, 'sesudah’, ‘supaya', ‘guna’, ‘kah’, ‘pun', ‘sampai', 'sedangkan’, 'selagi’, 'sementara’, ‘teta
pi*, 'apakah’, 'kecuali', ‘sebab’, 'selain’, ‘seolah’, ‘seraya’, 'seterusnya', ‘tanpa’, ‘agak’, ‘boleh’, 'dapat’, 'dsb’, 'dst’,
*d1l*, ‘dahulu’, ‘dulunya’, ‘'anu’, 'demikian’, 'tapi’, 'ingin', 'Juga', ‘nggak’, 'mari’, 'nanti', 'melainkan’, 'oh', 'ok', ‘seh
srusnya’, ‘sebetulnya', 'setiap', 'setidsknya', 'sesuatu’, 'pasti’, 'ssja’, 'toh', 'ya', 'walau’, 'tolong', ‘tentu’, 'amat’, 's
palagi’, 'bagaimanapun’]

def stoprord_text(tokens) :
cleaned_tokens = []
for token in tokens:
if token not in stopwords:
cleaned_tokens.append(token)
return cleaned_tokens

df['Stopwords'] = df['Token'].apply(stopword_text)
df.head(1000)

#Proses Stopword Extend

from nltk.corpus import stopwords
nltk.dounload("stopwords")

list_stopwords - stopwords.words('indonesian’, ‘english’)

1list_stopwords.extend(["stlh","xf@","xof","xad","xad", "part","sih", "deact”,"rt","pls","cut", "off","xf8", 'xof', 'x09°', 'x8f',
‘bentar’ “sd’, 'kahdhewijbswkwishshw','1", ‘pasc’,’#","ahhhh’, "t',"ya", 'walach®, ‘abiez’, time’, true’,
“nya”, 'wkwkw', 'happy’', 'ending’', 'you', 'should’, 'know', ‘how', ‘much®, 'i‘, 'love’, 'you', ‘my’,
"baby', ‘my’, ‘proud’, 'boy’, 'itaderi’, ‘yuuji''what', 's', ‘wrong', ‘with', 'me','9', '18', 'y', ‘2,
"2ny’, ‘triggered’, 'co', 'hayang', 'bunuh’, ‘alesan’, ‘urg', 'kamamana’, 'mawa’, 'peso’,
‘karna®, ‘neangan’,’psnskd’, ‘wkzn®, ‘w°, ‘amp’,’'fc’, ‘royal’, 'gk’, 'holaaaa’, ‘wkuk',
‘anjg', 'goblok2in’,'s31f', ‘harm', 'nk', 'gi‘, 'ic', 'exo’,'jomblo’, 'sa‘,'tai’,’oink’,

‘anj', ‘pasca’,'konser’, ‘hrgaimki’, kontol','bajingan’,'this’, 'is’, 'trying','cloe’,
‘ainkkkkkkkkk', ‘produce®, °bitch’,'encore’, 'tds‘, ‘clash’, ‘royale’,’anjgggg’, ‘panal’,
"kpop','xe2', 'x89', 'xa6','n’, 'nhawe’, 'play’,'dll’,'doi',’bnr’,'pens’, ‘ipuel’,’etmin’,
waiji','bola’, 'kimak', 'fyp’',‘angst’,'tolol’, 'jkt48', ‘buddies','halo’, 'kemenkes', '150@°,
'567', 'marshanda’, ‘selesaikan’, ‘charger’, 'ipad’, 'ipadnya’, ‘gem','batre’, 'x98', 'x8c','xas’,

'xb2°, ‘cos’,’jakarta’,'beli’, ‘maskot’, “lucu’,’kim’, ‘junmyeon®, 'misstreatment’,’im’, ‘so’, ‘of’,
*fucked', ‘up’,'sola’, 'netflixnya’,'sok’, ‘an’, ‘anjingg', 'anying', 'cok’, ‘ajg’', 'anjg',

‘anjng’, 'ace’, 'fr', ‘aing’, 'ajg’, 'kontol’, ‘omg’, 'ygy', 'grtsnya’, ‘asfdgsh’, 'haechan’,

‘anjrit', ‘akut', ‘awikwok', 'lol’, 'setan’, ‘'asu’, 'dll’, 'co’, ‘ajggg’, ‘wkwk', 'tai’, ‘wkwkuk',
"sayankkk', ‘'anhing’, 'bacot’, ‘hts', 'hrgaimki’, ‘cegil’, ‘cogil', 'e’, ‘awmu', 'jet', 'piye’,

‘maneh’, ‘nyet’, ‘bngst', ‘pens’, 'ipuel’, ‘kimak', 'fyp', 'kareshisugiru’, ‘rollercoaster’, ‘ucl’,

"xd', ‘rengginang’, 'dragon’, ‘ball’, 'bola’, 'ajgggge’, 'anyinggg', 'idol’, ‘yysf', 'grt’, ‘anjenggg’,
‘goblok’, "apple’, ‘tasikmalaya®, ‘lo’, ‘yg', ‘main’, ‘grt’,’oliver’, 'xf’, 'xa’, ‘xe’, 'xb’, ‘uu’, "1t°,
‘bod’, ‘humpubnnya’,’'xc’, 'it', ‘not', ‘dr’, ‘jiemi', ‘'ardi’, 'sp’, 'kj’,'tw’,'ket',’anjing’,'pjms’,'jm’,"c
‘m*,'ah’,'mo’, alywafa’, 'dot’, ‘com','b’,’'ra’,'bombardir’,'ken’,adhd’,'haha’, 'hihi‘,"th’,'sm’,
‘aaaaaa’, 'tu’,'hadeu’,’ama’,'ni’, 'kekwkw', 'tibab’, 'taraaasa’,ekukukwk', 'wlwkukuk', 'gin', hehehe’, 'hehahehe
‘wow', 'pi','ed’,’bangsal’,’'mmc’,'gin’,'plijjj', 'snsjuj','ama’,'mewekkkk', 'gin','ken’,'iku’,’cukkk',
‘gwwu’, 'yessssss','kek®, 'tir’, 'hehehehehehehe', 'anjrr’,’p’, ‘ouch’,'aka’, 'bom’, 'hahahihi’, 'wakakaka', 'bjir’,
‘anjim', ‘hahaha*, ‘em’, koar','jog','v", 'yoo’, ren’, 1gi’, c', ‘wku', "hehe’, hhhh', ‘ber’, "awowkwowk','ciu’,
‘anjir’, 'yaah’, si’, aniirrrr’, awokwok', bossskuu’, ‘rojeh’, "blekping’, imo’,’to’, "yo’,’yoongi’, pecd’,
‘riks*, ‘lim','Ff','dlu’,"tpi’, 'jdi’, hwhu', 'cc’, ‘tello’, 'ame’,'dog’,’ansharpram',‘ret’, msti’, okaaayy',
“whwkukwk ", "ber*, *uras®, 'ki', *brantem’, ‘selamaaa’, 'tp', ‘wehhhh','sia’, 'apasihhhhhhhhhhh', k', *youtube',
‘watch', ‘gqidtlvfy’, 'ab’,'bgst’,’'nb','dar’, wkukkw','h’,’gt’, 'namjoon’, 'un’,'x’,'f’,’nnarahubung’,'yeuhht
'yh'1)

list_stopwords - set(list_stopwords)

def stopwords_removal (text):
return [word for word in text if word not in 1list_stopwords]

df[ ' Stopwords_new' ] = df[ ' Stopwords'].apply(stopwords_removal)
df.head(1680)
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In [13]:

In [14]:

In [17]:

In [20]:
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#Tahap Stemming

from Sastrawi.Stemmer.StemmerFactory import StemmerFactory
stem factory = StemmerFactory()
stemmer = stem_factory.create_stemmer()

def stemning_text(tokens):
hasil = [stemmer_stem(token) for token in tokens]
return hasil

df['Stemming’] = df[ Stopwords new’].apply(stemming_text)
df.head(1488)

#Tahap Normalisasi

# Definisikan fungsi untuk normalisasi teks
def normalize_text(text):
replacements = {

"gak’: "tidak’,’ga’: 'tidak’,'yaa': 'ya',’gua’: 'aku’,’'gue’: 'aku’,’'gu’: ‘aku’,’tipikal’' : 'khas’,’stress’ : 'stres’,’'lu’
"ku' @ "aku’,’trigger’ : 'pemicu’,‘resign’ : 'berhenti’,'muluuuu’ : ‘mulu’,’gwe’ : ‘aku’,'depressi’ : 'depresi’,’yukk’
'yuk’ : ‘ayo’,’gawe’ : 'kerja','thn’ : 'tahun’,’depression’ : 'depresi’,’nang’ : ‘nangis’,’capee’ : 'cape’,’sampe’ : 'san
“rasajya’ : 'rasa’,’'plsss’ : 'tolong’,’ampe’ : 'sampai’,’capeeeeekkkk' : "capek’,’uda’ : 'udah’,'terusss’ : 'terus’,’bngt
"dri’ : *dari’,’jgan' : 'jangan',’umr’ : ‘umur’,’overcoming’ : 'ngatasi',’haruuuuusss’ : 'harus’,’'tapiii’ : 'tapi’, 'tp’
“ketar® : "takut 1ii' : 'ini’,’trus’ : 'terus’,’'samaaa’ : 'sama’,'akuuuu’ : ‘aku’,'lakik’ : 'laki’,’'org’ : ‘orang’
"krna' : ‘karena ‘kalo',"sembari’ : 'sambil’,’lelahhhh’ : 'lelah’,’'ksihan’ : 'kasihan','sukak' : 'suka’,’g’ : |
,'gilaasaaaaaaaa’ : ‘gila’,’'gilasa’ : 'gila’,’yaudahhlashh’ : ‘yaudah','ajaaa’ : 'aja’,’'makaaaasi’ : ‘makasin’,’ktemu’
"banyakkk® : ‘banyak','gimanasa’ : 'gimana’,’sumpahhh’ : 'sumpah’',’'makasihh’ : ‘makasih’,'minggat' : 'pergi’,'sayasaaaa’
,’'acaraaaaaza’ : ‘acara’,'bangett’ : ‘banget’,’mumet’ : 'pusing’,'kebodohaan’ : bodoh’,
# Tambahkan aturan penggantian Lain sesuai kebutuhan
# Tambahkan aturan penggantian lain sesuai kebutuha
# Tambahkan aturan penggantian Lain sesuai kebutuhan
)
for k, v in replacements.items():
pattern = r*\b’ + k + r'\b’
text = re.sub(pattern, v, text)
return text
# Terapkan normalisasi pada kolom tweet
data['Normalisasi'] - data[ Stemming’].apply(normalize text)
# Melihat hasil normalisasi
data.head(1560)
< »

Lampiran 3 — Pelabelan Yang Dilakukan Oleh Pakar

didapat melalui halodoc.
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Lampiran 4 — Algoritma Naive Bayes

In [3B]:  ispert pandas as pd
from sklearn.festure extraction. text import TFidPectorizer
from sklearn.model selection import train_test split
from sklearn.naive bayes import MultinomialNB
from sklearn.metrics ispert confuslon matrix, sccurecy score, precision score, recall scere, F1_score
import sesborn 35 sns

inport matplotlib.pyplot as plt

# Step 1: Import Library and read the datasetl
data_NB = pd.read_csv(~Label_Cleaned.csv"})

# Step 2@ Preprocessing (If needed) - Not showt in this éxample as it depeénds on The data

& Step 3: Split the dato into Features (fweels) and Labels (Labels)
twests = data MB[ “Tweet" ]
labels = data MB["lLabel']

# Step 4: Feature extrocticon wsing TF-IDF
tfidf vectorizer = TfidPvectorizer(max_features=1888) & You can odjust the number of fegtures 05 needed
X_tfidf = tfidf vectorizer.fit_transform(fweets)

# Step 5: Split the data inte troining and testing sets (S8% - 28%)
X_train, X_test, y_train, y_test = train_test_split{X_tfid, labels, test_size=8.2, random_state=41)

# Membuat ctjek Nofve Boyes
nb_glassifier = MultinonialNB{)

§ Melatik model dengan data pelatihan
nb_glassifier FAL(¥_train, y_train)

# Melakuksn prediksi pads date pengujian
y_pred = nb_rlassifier.prediet{X_test)

# Step B: Colculate metrics - Confusion matrix, dccuwracy, precision, recall, and f1 score
coffusion_mat = corfusion matrix(y_test, y_pred)

accuracy = accuracy score(y_test, y pred)

precision = precision score(y test, y_pred, averages weighted')

recall = recall_score(y_test, y_pred, averages'weiphted®)

f1 = f1_score(y_test, y pred, average="weighted'}

& Comvert metrics Lo percentoge and round te 2 decimol places
accuracy percent = round{accuracy * 188, 2)
precision_percent = round{precision * 188, 2)

recall_percent = round(recall * 1p@, 2}

f1_percent = round(f1 * 188, 2}

print(~Confusion Matrix:"})
print{confusion_mat)

# Step 3: Plot the confusion moirix as o healmagy

plt.figure(figsize={8, 6))

sns. heatmap( confusion_mat, annot=True, fmt="d", cmap="Blues~, xticklabels=["Negatif", "Positif"], yticklabels=["Negatif”, "Posit
plt.xlabel("Predicted Label®)

plt.ylabel("True Label™)

plt.title( "Corfusion Matrix™)

plt. show( )

print({==)

print(~=== Hasil Evaluasi Maive Bayes Classifier
print({“Accuracy: {}E".format(accuracy_percent))
print{"Precision: {}%".format(precision percent))
print{~Recall: {}%".formet(recall percent))
print{"Fl Score: {}E".format(fl_percent))
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Lampiran 5 — Algoritma Support Vector Machine

In [39]: import pandas as pd
from sklearn.feature extraction.text impert TfidfVectorizer
from sklearn.model_selection impert train_test_split
from sklearn.svm import SWC
from sklearn.metrics import confusion matrix, accuracy_score, precision score, recall score, f1_score
import seaborn as sns
import matplotlib.pyplot as plt

# Step 1: Import Library and reod the dataset
data_SV = pe.read_csv(~Label_Cleaned.csv”)

# Step 2 Preprocessing (If nesded) - Not shown in this example as it depends on Che data

# Step 3@ Split the data into features (tweels) and Labels (Lobels)
twests = data SV "Tweet®]
labels = data SWV[ " Label"]

# Step 4: Featwre extroction vsing TF-IDF
tfidf_vectorizer = TfidfVectorizer(max_features=1888) ¥ You con odjust the nuwber of features as nesded
X_tfidf = tfidf vectorizer.fit_transform(twesets)

& Step 5: Split the doto inte troining and testing sets (S8X - 28%)
¥_train, X_test, y_train, y_test = train_test_split(X_tfid#, labels, test_size=8.2, random_state=42)

& Mewbual objek SvM
swn_classifier = SWC(kernel="linear', randos _state=42)

# Metatih model dengdn dota pelatibon
svn_classifier Fit(¥_train, y_train)

§ Melakukan prediksi pads dato pengujian
y_pred = swn_classifier predict(X_test)

& Step B: Calculole metrics - Confusion motrix, accwrocy, precision, recoll, and f1 score
confusion_mat = corfusion_matrix(y_test, y_pred)

accurscy = accuracy_score(y_test, y_pred)

precision = precision score(y test, y_pred, averages weighted')

recall = recall score(y_test, y_pred, average='weighted®)

1 = #1_score(y_test, y_pred, average="weighted'}

# Colculate metrics in percentade
accuracy_percent = accuracy * 188
precision_percent = precision * 188
recall percent = recall * 188
f1_percent = f1 = 1288

print{=Confusion Matrix:"})
print{confusion_mat)

# Step 9: Plot the comfusion motrix os o heoimagy

plt. figure(figsize=(8, 6))

sns. heatmap(confusion_mat, annot=True, fmt="d", cmap="Greens", xticklabels=["Megatif", "Positi+"], yticklabels=[“NegatiF", “Posi
plt.xlabel("Predicted Label™)

plt.ylabel( True Label™)

plt.ritle( "Comfusion Matrix™)

plt. show( )

print{=")

print{®== Hasil Evaluasi Support Vector Machine ===")
print{"Accuracy:”; accuracy percent, “E")
print{“Precision:", precision_percent, "E"}
print{*Recall:", recall percent, “X")

print{*Fl Score:”, f1 percent, "X")

U SR~ S P
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Lampiran 6 — Algoritma Random Forest

In [48]: | import pandas as pd
from sklearn.festure_extraction.text import TFidfVectorizer
from sklearn.model_selection import train_test_split
from sklearn.ensemble import ReandomForestClassifier
from sklearn.metrics isport confusion_matrix, accuracy_score, precision_score, recall score, f1_score
import seaborn a5 Sns

import matplotlib.pyplot as plt

# Step 1: Import Library ond read the dataset
data RF = pd.read_csv{®Label Cleaned.civ")

# Step 2: Preprocessing (if needed) - Not showt in this example as it depends on Che data

# Step 3: Split the data into features (tweets) and Labels [Labels)
tweets = data RF["Twest"]
labels = data RF[Label’]

# Step 4: Feature extraction wusing TF-IDF
tfidf vectorizer = Tfidfvectorizer(max_features=1008) ¥ You can odjust the number of festures as needed
X_tfidf = tFigf_vectorizer.fit_transform(twests)

& Step 5: Split the dato into fraining and testing sets (S8% - 28%)
X_train, N_test, y_train, y_test = train_test_split(X_tfid#, labels, test_size=e.2, random_state=42)

# Membuol cbjek Rondom Forest Classifier
rf_classifier = RandonForestClassifier|randon_state=42)

# Melatih modsl dengan daota pelatibon
rf_classifier FIL(X_train, y_train)

& Melokukon prediksi pode date pengujiian
y_pred = r§_classifier predict{X test)

& Step 8: falcvlate metrics - Jonfusion motrix, gccwracy, precision, recoll, and f1 score
confusion_mat = corfusion matrix(y test, y_pred)

accuracy = accuracy_score(y_test, y pred)

precision = precision score(y test, y pred, average='welghted')

recall = recall score(y test, y pred, average='weighted')

f1 = f1_score(y_test, y pred, average="weighted')

§ Convert metrics to percentoge and round to 2 decimal places
accuracy_percent = round{accuracy * 18@, 1)
precision_percent = round{precision * 188, 2)

recall percent = round(recall * 108, 2)

f1_percent = round(fl * 188, )

print{~Confusion Matrix:")
print {confusion_mat)

# Step 9: Plot the confusicn motrix g d heatmag

plt.figure(figsire={8, 6))

sni.heatmep(confusion mat, annot=Troe, fmt="d", cmap="Oranges", xticklabels=["Megati#”, "Positi#”], yticklabels=["Hegatif", "Pos
plt.xlabel("Predicted Label=)

plt.ylabel(~True Label™)

plt.title{ "Confusion Matrix™)

plt.show )

print (==}
print(~ Hasil Evaluasi Random Forest ==
print({“Accuracy: {}E".format(accuracy percent))
print{"Precision: {}%.format(precision percent))
print({“Recall: {}x".formet(recall percent))
print(“F1 Score: {}E".format(fl_percent))

X b
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Lampiran 7 — Daftar Bimbingan

Skripsi/Tesis | Bimbingan | Jadwal Sidang Proposal & Jadwal Sidang Akhir = Upload Berkas
- Tanggal L Catatan

Mo Dosen Topik Bimbingan Jenis Bimbingan Perbaikan

1 5709 - MUNAWAR, | Pada tanggal 6 desember bimbingan mengenai pengajuan | 30 Jul 2023 Skripsi/Tesis/BusinessPlan
S.TP, MM, Ph.D. propasal skripsi dan membuat latar belakang penelitian Proposal

2 5709 - MUNAWAR ,  Pada tanggal 27 Januari bimbingan mengeai proposal skripsi | 30 Jul 2023 Skripsi/Tesis/BusinessPlan
S.TR, MM, Ph.D. dari bab 1-3 Proposal

3 5709 - MUNAWAR,  Pada tanggal 13 Maret 2023 bimbingan mengenai tugas 30 Jul 2023 Skripsi/Tesis/BusinessPlan
S.TP, MM, Ph.D. akhir dan bertanya mengenai bab 4 Proposal

4 | 5709 - MUNAWAR ,  Pada Tanggal 7 April 2023 Melakukan bimbingan bab 4 30 Jul 2023 Skripsi/Tesis/BusinessPlan
S.TE, MM, Ph.D. Proposal

5 5709 - MUNAWAR ,  Pada tanggal 10 Juni 2023 melakukan bimbingan dan revisi 30 Jul 2023 Skripsi/Tesis/BusinessPlan
S.TP, MM, Ph.D. bab 4 Proposal

& 5709 - MUNAWAR,  Pada tanggal 5 Juli 2023 bimbingan mengenai bab 4 dan 30 Jul 2023 Skripsi/Tesis/BusinessPlan
S.TP, MM, Ph.D. memperbaiki pelabelan data Proposal

7 5709 - MUNAWAR , | Pada tanggal 9 Juli 2023 bimbingan mengenai seluruh bab | 30 Jul 2023 Skripsi/Tesis/BusinessPlan
S.TP, MM, Ph.D. pada tugas akhir dan merevisi pelabelan data dan Proposal

kesimpulan, saran

8 5709 - MUNAWAR,  Pada tanggal 24 Juli bimbingan bab 4 30 Jul 2023 Skripsi/Tesis/BusinessPlan
S.TP, MM, Ph.D. Proposal

9 5709 - MUNAWAR,  Pada tanggal 26 Juli 2023 bimbingan revisi pada bab 4 dan 30 Jul 2023 Skripsi/Tesis/BusinessPlan
S.TP, MM, Ph.D. 5 Proposal

10 5709 - MUNAWAR ,  Pada tanggal 27 Juli menyerahkan Tugas Akhir kepada 30 Jul 2023 Skripsi/Tesis/BusinessPlan
S.TR, MM, Ph.D. pembimbing untuk di baca oleh pembimbing Proposal
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