UNIVERSITAS ESA UNGGUL

LAMPIRAN

Lampiran 1 - Daftar Riwayat Hidup

Data Pribadi

Nama :  Muhamad Akbar Ramadhan

TTL . Tangerang, 02 Desember 2000

Jenis Kelamin . Laki-Laki

Agama : Islam

Kewarganegaraan :  Indonesia

Alamat . Kp. Pos Sentul, Ds. Sentul Jaya, Kec. Balaraja, Kab.

Tangerang, Banten
Nomor Telepon/HP : 081318562529

E-mail :  rama.akbar0101@gmail.com
Riwayat Pendidikan
Periode Sekolah/Institusi [Jurusan | Jenjang
(Tahun) Pendidikan
2007-2013 SDN Sentul Jaya 1 - SD
2013-2016 SMPN 3 Balaraja - SMP
2016-2019 SMA Mandiri MIPA SMA
Balaraja

Lampiran 2 — Kode Preprocessing

In [1]: |!pip install -U scikit-learn
!pip install sklearn
tpip install nltk

i tall openpyxl

11 pandas

tpip install Sastrawd

!pip install emoji

'pip install demoji

import string

from sklearn.pipeline import Pipeline

import pandas as pd

import numpy as ngp

import re

import nltk

import emoji

In [35]: |!pip install Sastrawi

Requirement already satisfied: Sastrawl in c:\anaconda3\lib\site-packages (1.8.1)

In [38]: import pandas as pd

In [116]: |#Vembuko file excel dengan python
import pandas as pd

# Ganti 'path
file_path

L ke dolam DotoFrome Pondas
file_path)
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In [88]: import pandas as pd
import re
import emoji
import demoii

# Ganti 'path/to/your/input/file.xlsx' dengan path file Excel input Andg

input_file path = 'D:\SKRIPSI\Text Processing\case folding 2 (menghapus mention,tagar,url,angka).xlsx’
¥ Membaca dota dari file Excel ke dalom DatoFrame

df = pd.read_excel(input_file_path)

# Fungsi untuk metakukan case folding dan menghopus mention, hashtag, URL, dan angko
def process_text(kata):

# Cose folding

kata = kata.lower()

# Menghapus mention (mama pengguna yang diewall dengen @)

kata = re.sub{r'@[\w]+', ', kata)

# Menghaopus hashtaog

kata = re.sub(r'#(\w+)', "', kata)

# Menghapus URL

kata = re.sub(r'nttp[s]?://(?: [a-24-7]| [8-9] | [$-_B.8+]

# Menghopus angka

kata = re.sub(r'\d+', '', kata)

# Menghopus tande baco

kata = re.sub(r'[Mw\s]', ', kata)

# Menghopus emoji menggunakon ekspresi reguler

kata = re.sub(r'id+', ' ', kata) Mengganti karokter non-huruf don angko demgan spasi

AW, 1] (2:%[8-92-FA-F1[0-9a-FA-F1))+!, ', kata)

return kata

# Kolom yong ingin diubah
target_column = ‘full text' # Ganti dengon nomg kolom yang ingin diubah

# Menggunakan fungsi pado kolom tertentu
df[target_column] = df[target _column].apply(process_text)

# Menyimpan data yang teloh diubah ke file Excel bory
output_file path = 'D:\SKRIPSI\Text Processing\case folding 3 (menghapus emoji dan karakter lain).xlsx' # Gantl dengan path file
df.to_excel{output file path, index=False)

# Menampilkon DatoFrame setelah perubahan
df

| 4

1t |#PROSES TOKENIZING
import pandas as pd
from nltk.tokenize import word tokenize
df = pd.read_excel(file psth, sheet_name='Shestl')

df["token_text'] = df['full text'].zpply(lambda x: word tokenize(str{x)})
df.to_excel(output_file path, index=False, engine="openpyxl')
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In [15]:
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#5topword Removal

import pandas as pd

import nltk

from nltk.corpus import stopwords

from nltk.tokenize import word_tokenize

from Sastrawi.StopkordRemover.StopliordRemoverFactory import StopWordRemoverFactory

# Memboca file Excel
file path = 'D:\SKRIPSI\Text Processing\hasil andre.xlsx' # Gantilah dengan path sesuai file Andg
df = pd.read_excel(file path)

# Inisiglisasi stopword dari Sastrawi
stopword_factory = StophordRemoverFactory()
stopword_sastrawl = stopword_factory.creste stop word remover()

# Menambaghkan stopword kustom dori Sestrawi
custom_stop_words = ["yak" "bener® , "wkwkwk", "dah", "kah","ak" ,"jakarta" , "lampung" , "bandar", "gokll”,"ke
eini®,"yak", "amat", "dr‘l","hrl nga","di","ama", "wkukw" , " cek

“ya", "Jamp" , "amp”, "menu™, "cr: *cross”,"anjir”, ngepmn" "y,
"pod”,"he”, "ni","honkong", " "WDﬂDgl(‘i","pD" “pgttttt”,"siiiv, "blm", "sat”,"set", "was","wes", "wos", "donk”,
"plissss”, "msh“ "tp“ "ktr", "udh”, "pindahhh”, " lwat", "astaughtirulloh”, "bangeett”, “shopeenya" ,"utara", "jogja",
tgl", "ysaa"; " "cs"; "ga" s "up","pas";"1gsg", "bangetttittttitititt™, "cabeeeee", "gueeeeee”,; "me";
busa" "bgtt‘ttt","vn ,smg", "kakk", "tks","abangnya", "lambung”, "umpan”, "heading”, "majumaju" , "september
"ngaa™,"biruuu","mas", "bgt", "helmnya”, "namanya", "timur", "barat”, "kembangan","pt","s","cileungsi", "bukaka",
"wiladatiks","mls","bat","jg","eni", "emg", "tar","jakbar", "bandung","mijk", "jakut","skrg","yh","bot", "dgn",
"sidoarjo”, jaian'lalan', gt ,"tn" "wpe","madiun","tbtb","daah","sidoarjooon”, "sii", "mp", "kab", "hub," , "ponore
“pdnl","micoba”,"fastresp", "apkh®, "nmnya", "mjb", "ytta","sumatera", “whwkkw" , “anji] "hade”,"t", "tksced", "hi
nbentEnben ri®,"sekitarkontak","pindahnomornya”,"sept”," ", "ngidol", "uwaw", "amp", "bapug”, "co”,
"maghrib”, "k jbr", "karawang”, "diwa", “dtng’ tmpol”, "kresi®, "frecong”,
"cth®,"smpt", “nde”, "amh®, "neh”, "asu", "tenan”,; "wes", b","pu","ju",“au", "rambakdong" , "paxel”, " lict
"fyi","rambakdongkeripik®,"scoapy”, "wts","doyoung”, "applewood", pob”, "lab:.ar‘" "yssc”, "panhhh”, "nicee”, "hsksl
“kemsrin", "mbb" , "medan” , "jakartasumedang”, "wkwkwkuk" , “ngrugiin®, "asasasa”, "krn®, "bantul”, "klaten", "anjavyy".
“aing","gawe","d11","thorpy”, “tkpywaw", "yawlaa", "seandainy”, "pekayon” , "bekasi”, "jakasetia","opo”, "cipeucant
"bogar", "jirr", "hyunsuk®, "jihoon”,"jo", "malone" "uﬂoff",“eeean}lr',"denpasar‘","sege'*cep‘,"dehg"‘ "gbl", "ngul
"mac{i", dket”; "kim", "taehyung”, "namjoon”, "emsnys" , "aktf" , "awikwo", "hhhh", "tokped", "sleman","sihhhhhhhh", "he

", "malang”,"juga®,"jd", "dig:

"anterajs”, "idexpress”,"lamas",

" e

"t1fon", "owkiiee", "kudus","harisuwi®,"urong","kIiru","lek", "lowokwaru™, "thorr®, "tulungann”, "sprti”, "anjeceet
"zimbabwe", "cisarua”, "sysfrul”,"rasidin”,"jabodetabek”, “tanggerang”, "cilandak”, "dkk","iki","brrt offlane’
"anjrittt”, "jombang", "samsek","oake", "waline","engres”,"jingkontop”, "bekazi®,"bnran®,"ta","mo","ngoni®, "pe" |

Mclawi”, "tegal”, "pemalang”, "mlhan”, "rak” "digowo” , "wes","tak", "dewe", "ngawi", "hahshabahsbs", "ditutungguan”,
"ngadon”, "ambip", "tekoteko" 1snkkk","sebck1 aaaaua',"smax“,"nenpasar" "whwkwkwk ", "mereun" , " jnejntanteraias;
"raimu", "nggedabrus", "cuiii”,"cimanggis”, "manckwari®, "pisuhi®, "tekke”, "nggonku” , "bakdo", "hadianmending”, "ja:
"paninggaran”, "pekalongan”, "mncoba” , "wkwktau", "juseyo”, "matthew”, "mbasan”, "teko”, "ndodoki”, "pisan”, "suarane’
Manake", "tangi”,"sgi", "arep”, "metu”, “selehke” ,"nduwur”,"lawang”, "klean","arrasgghhh”, "sa&jaminnnnn”, "hayoh",

Pwloulonkn” , "dgsgsjeks” jlngl]aaasehhh" "emanggf", "customercarecom”, "enete ,"tkpkheuufe"”, "m=kanane","ka1ir‘en

“diterno", “sedino”, sae”, "garuttt”,"gratongnya”, "rhezza®, "barok”, "baskbaek”, "ngijo”, “suga", "yeongi”, " juni
"nyenyenyee”, "xiumin”, "gege", "wuakakakaka™, "kudus", "ikbal", "katilayu","kalimaya riyanto”, "bambang","suliy
"kebumen”, "bolongsobek™ , "sajasobek”, "jember”, "balung”, "dudy","imoet"”, "nder", "sudazfa","letisia", "fafifu","1¢

"sikurur®,"zaenal”, "ngeterno”; "retnobisa”, "yohana", "sicepatantarajadan”,"giovani®, "indihiang”, "gunung”, "drar
"s1r‘¥ad1ka" "dobel", "kawankawan® , "bakulbakul”,"dhewe", "dodolan”, "shampoo”, "maulana”, "seokjin", "cilandak”, "g¢
"invmpl”, "maksudnge”, "leuweung”,"dushwhhdhsha","1m:Lh1ane","daeu" "pickuo”, "rnanehna","\flkwkwk\\'kwk“,"kelua”" 1

sicepatanteraja"”, "ampm"|

"pdgbkt", "pdgpig", "panongan”, "sporttimeid”, "gmjjdpy”, "ammmmiiinnnn”, "asalmualaikm”,

"rancaekek”, "geisdiantara”, "jnejntsm”, "digowo”, "saiki”, "durung”, "ambek”, "omshku", "berbelitbelit", "invodi”,

"gpertolblack”,"eblackmisty”, "bulfaro”, "cnavyyellow”, "byelloworange”, "sahabati
"bandungmakassar™, "progressrasanya”, "jktmgl®, "rakkipanda”, "originzlthanks™, "pakditunggu”, "cabjatibening","ci
"mbakhahaha”, "bleek”, "dipativkur”,"1iyane","saiki", "teko","flish", "yhbeda","mch™, "figri","chandraesar”, "ten
"trenggalek”; "padehalbarangnya”, "wulanhandayani”, "arilassoty”, "taufigrahman”, "anyaranberarti”, "banyuwangijal
"gouacheku”, "gorang”, "henteu", "mosok™ , "ayeumamgh", "sigh", "deui”, "esumpahh”, “tkaatfibnee", "binkarma", "ikarma’
"unclejonbarber”, "eggroll", "iakartadepok”, "jlmulysaariperum”, "tamansari”, "kmirenjangan”, "riaukam "‘","smpng
"appakunku”, "irenzamp”,“seulgi®,"tinesicepatgojekcod”, "agustusmhn”, "ayamwortel®, "herman” , "makassarbontang”,
"tokecang", "sangatta”, "herdianto”, " rangomongke”, "elek"”, "ngomongke”, "ndara”, "ngalahke", "henggarae", "wakakak"

stop_words_sastrawi = stopword factory.get_stop_words() + custom stop words

suissmohon”, "kepastiankalau”,

# Menggobungkan stopword dari NLTK don Sestrowi
stop words_nltk = set(stopwords.words('indonesian’, ‘english'})
stop_words = stop_words_nltk.union{stop_words_sastrawi)

# Fungsi untuk menghapus stopword deri teks token
def remove_stopwords{text):
if isinstance(text, str):
word_tokens = word_tokenize(text)
filtered_tokens = [word for word in word_tokens if word.lower() nmot in stop words]
return ' '.join(filtered_tokens)
else:
return text # Mengemhalikan teks asli jiko bukon strimg

# Mengoplikasikan fungsi podo kolom teks
df[ ' cleaned_text'] = df['text'].apply(remove_stopwords)

# Menyimpon dotaframe yong telgh diupdate ke file Excel
df.to_excel('D:\SKRIPSI\Text Processingihasil andre.xlsy', index=False) # Sesugikon dengon path yong diinginkan

# Menyimpon dotaframe yong telgh diupdate ke file Excel
df.to_excel('D:\SKRIPSI\Text Processingihasil eksa.xlsx', index=False) # Gantilah dengon poth sesuei keinginan Anda
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In [11:

In [2]:
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#5temming
import pandas as pd
from Sastrawl.Stemmer.StemmerFactory import StemmerFactory

# Fungsi untuk melokukan stemming podo teks
def stem text(text):
factory = StemmerFactory()
stemmer = factory.create_stemmer()
return stemmer.stem{text)

# Membaca file Excel
df = pd.read_excel(r'D:\SKRIPSI\Text Processing\Stopword Removal\eksperimen stopword.xlsx')

# Melokukan stemwing pada kolom ‘teks'
df[ 'teks_stemmed'] = df[’cleaned_text'].apply(stem_text)

# Menyimpan hasil stemming kembali ke file Excel
df.to_excel(r'D:\SKRIPSI\Text Processing\Stopword Removal\hasil eksperimen stopword.xlsx', index=False, engine='openpyx1')

#Normalization
import pandas as pd

# Baco file Excel
df = pd.read_excel (r'D:\SKRIPSI\Text Processing\Normalizstion\normalisasil,xlsx')

# Daftar kamus normalisosi

kamus_normalisasi = {
‘zinah':
Turu':

‘gr': 'gara', 'spus': "hapus';
» ‘cwe': 'cewek', 'abiz': 'habis',
"nafsu', 'cwek': 'cewek', 'sange': 'nafsu’,
'pijat', 'cwok': 'cowok', 'isap': 'hisap’,

‘bobok', ‘bocil': ‘anek kecil', ‘capek': 'cape',

‘kontol', 'ntar': ‘manti’, 'syurga': 'surga’',

: 'kerda', ‘'kegsk': 'tidak', 'makasih’; 'terima kasih',

: 'orang', 'org": ‘orang', 'cowo': 'cowok',

‘massage': 'pijet’, 'ready': 'siap', 'ewe': 'bersetubuh’,

‘ngewe’: 'bersetubuh', 'ngentot': 'entot’,

‘cantikkouu': 'cantik’, 'bo': ‘pesan’, ‘slim': 'kurus’,

‘Ingsung': 'langsumg', 'order': 'pesan', 'siim': ‘kurus';

‘jngan': 'jangan', 'kme': 'kamu', 'jngn': 'jangan®,

‘sy': 'saya', 'tp': 'tapi', 'nyeri': 'cari',

'nampil®: 'tampil', ‘meni': 'niksh', 'nangkep': 'tangkap',
‘taboo': 'tabu', ‘spkt': 'setuju', 'tapiii'; 'tapi',

‘gemau': "tidak mau', 'bnr': ‘benar', 'kudu': 'harus',

‘gk': 'tidak*;, 'bgitu': ‘begitu’, 'ken': 'ingin',

‘Jdi': "Jadi’, 'jd': 'jadi', 'kenape': 'kenapa’,

‘bangsaddddd’: ‘bamgsat', 'jd': 'jadi', 'kemape': 'kenapa',
'petina’: 'wenita', 'brarti': 'bersrti', 'kenape': 'kenapa®,
‘mampos”: 'mampus’, ‘bodo’: 'bodoh', 'bpsd': 'bangsat',

¢ ‘bangsat’, 'nipu': ‘tipu’, ‘cantikk'i ‘cantik’,

: ‘cewek', ‘anj’: ‘anjing’, 'anjg': 'anjing’,

‘gpila’, ‘'sdl ‘sudah’, "tdk'; 'tidak’',

"benar'; 'gini': ‘begini‘, ‘gitu': 'begitu’,

‘bgt': "banget', 'nganggep': 'anggap’, 'anggep': 'anggap',
‘makasih': 'terims kasih', ‘ngoceh’; ‘oceh’', 'kberkshan': ‘berksh’,
s 'seperti’, 'trs': 'terus', 'bat'; '=angat’,

"sudah', 'mrk': 'mereka’; 'bncana': 'bencana’,

‘gilak': 'pila’, ‘pilassk’: 'gila', 'gey': 'gav'y

‘gpp’: "tidak apa apa', 'nyolek’: 'colek', 'ngerangkul': 'rangkul’,
'blg': "bilang', 'mmg': ‘memang', 'kocakk':; 'kocek',

'tlol': 'tolol!, 'ajg’: ‘anjing’, 'anjg': 'anjing’,

‘myt': ‘momyet', 'dsr': 'dasar’, 'mnyimpang': 'menyimpang’,
‘geada’: "tidak ada', 'pdofil': 'pedofil', 'gaussh'; “tidak usah',
‘fgham': 'paham', 'gatsu': 'tidsk tahu', ‘capek': 'cape’,
‘langsung’, ‘bntar': 'bentar', 'batr': ‘bentar',

: "bukan', 'dianggep': "anggap', 'sstoge’: 'astaga’',
‘meafin’: 'meaf', 'rem': ‘seram’, 'gin'i ‘begini’,

‘ngulum’: ‘isap', 'ngulom’: 'issp', 'gabut': 'bosan’,

‘emut'; ‘'isap', "ngemutin': ‘isap', ‘kocokin': 'kocok®,

‘sepong”: ‘'isap’, 'nyepong'! 'isap', ‘blowjob’: 'isap’,

'blowjobr’: "isap®, ‘oblowjobek': 'isap', 'sublowjobektif': 'isap!,
‘skit's 'sskit', 'gedeg': 'kesal', 'jblowjobb': ‘isap’,

‘ttg': “tentang', 'tntg': 'tentang', 'jiji': 'jijik’,

'katro': 'ketinggalan zaman', 'katrok': 'ketinggslan zaman', 'blowjobrot': 'isap’,

[y
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‘ciduk': 'tangkap', 'terciduk’: 'tamgkap', "tercyduk': 'tangkap’,

'knp's 'kenapa', 'gtu': ‘begitu’', ‘mmq’; ‘memek',

‘mmk": ‘memek’, "paok': ‘bodoh', ‘mantep': ‘mantap',

'mntp': ‘mantap’, 'tt': ‘tetek', 'pedopil': ‘'pedofil’,

'bisexugl': 'biseksusl', 'taubat': 'tobat’, 'heteroseksual': 'heteroseksuzl’,
‘orgil': 'gila‘, 'boty'; 'boti’; 'goblog*: ‘goblok';

# Tambghkan pasongon kato tidok baku dan boku sesugl kebutuhan

H

def custom normalization{text, normalization_dict):
words = text.split()
normalized words = [normalization dict.get{word, word) for word in words]
return ' '.join{normalized_words)

# Normalisgsi teks
df['clean_teks'] = df['teks_stemmed'].apply(lambda x: custom_normalizstion(x, ksmus_normalisasi))

# Tampilkon hosil normalisasi
df . head()

# Simpon ke File Excel
df .to_excel(r'D:\SKRIPSI\Text Processing\Normelization\normalisasi2.xdsx’, index=False) # Gontilah 'doto sentimen normalized.xl:

Lampiran 3 — Pelabelan

In [7]: |# Pelobelon Vader Senmtiment

import pandas as pd
from nltk.sentiment.vader import SentimentIntensitydnalyzer

# Baco datg dori file Excel
file path = r'D;\5KRIPSI\Text Processing\Vadersentiment\cleaned data eng.xlsx'
df = pd.read_excel(file path})

# Inisialisasi SentimentIntensitydnalyzer
sia = SentimentIntensityAnalyzer()

# Tambahkan kota-katq kustom ke komus WADER
custom words = {

1gbt'; -3.8,
1=3.85
'homesexual': -3.8,

‘gayt: -3.8,

‘leshi':
'leshian

‘yersatile

'‘massage’

‘opaltyi=R. 2,

‘yes': -2.2,

‘doggy': -2.2,

‘anal'y -2.2,

# Tombahkan koto-kato kustom Loinnya sesuai kebutuhan

¥
sia.lexicon.update(custom_words)

# Buat kolom sentimen bgru di datoframe
df[ 'Sentiment' ] = of['clean_text'].apply(lambda x; sia.polarity scores{x)['compound’])

# Klosifikasi sentimen berdasarkan nilei compound

of[ 'Sentiment_Label'] = df[ 'Sentiment’].apply(lambda x: 'Positive’ if x » @ else ('Negative' if x < @ else 'Neutrgl'})
# Tampilkon datoframe hosil

print(df[['clean_text', 'Sentiment', 'Sentiment Label'l])

# Simpan dotaframe ke file Excel jika diperlukon
df.to_excel(r'D:\SKRIPSI\Text Processing\Vadersentiment\cleaned data_eng vader.xlsx', index=False)
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In [24]: |# Pelabelon INSET
import pandss as pd
import nltk

# Baca file kosakgto positif dolem format TSV
df_positif = pd.read_csv('D:\\SKRIPSI\\Text Processing'‘\Inset\\negativel.tsv', delimiter='it'}

# Baca file kosakota pegotif dalem format TSV
df_negatif = pd.read_csv('D:\\SKRIPSI\\Text Processingh\TInseti\positivel.tsy’, delimiter="\t')

#Menggabungkan Data Kosakato
df kosakata = pd.concat([df positif, df negatif], ignore index=True)

Siembugt Kamus Kata Sentimen
kemus_sentimen = dict(zip(df kosakata['word'], of_kosakata[ 'weight'1))

def melabelkan_teks(teks):
kata_kunci = teks.split() # Pisohkan koto-kota dolam teks
sentimen = [] # Menpimpon Lgbel sentimen untuk setiap koto

for kata in kata_kunci:
if kata in kamus_sentimen:
sentimen. append|kamus_sentimen[kata])
else;
sentimen.append('1")

return sentimen

# Boco dotaset pandas

df = pd.read_csv('D:\\SKRIPSI\\Text Processing\\Inset\\miranal.csv')
df['Tweet'] = df['Tweet'].astype(str)
of . head(1584)

# Pilih kolom teks yang ingin Ande Lobelkan
#kolom teks = 'Tueet'

# Melabelkan teks podo kolom tertentu dolom dotaset
df['Scores'] = df['Tweet'].apply(melabelkan_teks)

df . head(1509)

def tentukan_label(hasil):
angka = [int(x) for x in hasil]
total_skor = sum{angka)
if total skor » 8;
return 'Positif!
elif total skor ¢ 8:
return 'Negatif’
else:
return ‘Netral’

# Menerapkan fungsi pada kolom hasil untuk mendapatkan kolom Label
df['Label'] = df['Scores'].apply(tentukan_label)

df . head(15608)

df.to_csv( 'D:\\SKRIPSI\\Text Processing\Inset)\miranaZ.csv', index=False)
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In [18]: # Pelabelon SentiStrenght
import pandas as pd

# Baca file kosakato boosterwords dolam format TSV
df _boosterwords = pd.read_csv(r'D:\SKRIPSI\Text Processing)\TRY Valid\SentiStremght\boosterwords_id.csv', delimiter=';'}

# Baco file kosgegto emoticon dolam formot TSV
df _emoticon = pd.read_csw(r'D:\SKRIPSI\Text Processing\TRY Valid\SentiStrenght\emoticon id.csv', delimiter=

# Baca file kosokoto idioms dalem format TSV
df idioms = pd.read csv(r'D;\SKRIPSI\Text Processing\TRY Velid\SentiStrenght'\idioms_id.csv', delimiter=";")

# Baca file kosakato negatingword dolam format TSV
df_negatingword = pd.read_csv(r'D:\SKRIPSI\Text Processing\TRY Valid\SentiStrenght\negatingword.csv', delimiter=';')

# Baca file kosakgto nguestiomwords dalaom formot TSV
df guestionword = pd.read_csv(r'D:\SKRIPSI\Text Processing\TRY Valid\SentiStrenght\guestionword.csv', delimiter=';')

# Baco file kosghoto sentiwords dolom Format TSV
df_sentiwords = pd.read_csv(r'D:\SKRIPSI Text Processing\TRY Valid\SentiStrenght\sentiwords_id.csv', delimiter=';')

# Menggebungkan Dato Kosokato
df kosekata = pd.concat([df_boosterwords, df emoticon, df idioms, df negatingword, df_guestiomword, df_sentiwords], ignore_index:

# Membuat Kemus Kata Sentimen
kamus_sentimen = dict(zip(df_kosakata['word'], ¢f_kosakata['weight']))

# Fungsi untuk menentukon sentimen koto
def melabelkan_teks(teks):
kata_kunci = teks.split() # Pisohkan kota-koto dolam teks
sentimen = [1 # Menyimpan Label sentimen untuk setigp kato
negating flag = False £ FLog untuk menondal apakoh koto negating sebelummyg teloh ditemukan

for kats in kata_kunci:
if negating flag: # Jika kota pegating sebelumnys ditemukan
if kst in kamus_sentimen:
# Ubah sentimen menjodi negotif jika kato oda dolom kawus sentimen
sentimen. append(str(-1 * int(kamus_sentimen[katal)))
else:
sentimen.append('-1")
negating flag = False # Reset flog seteloh menangani kota selanjutnya
elif katz in kamus_sentimen:
zentimen.append|kamus_sentimen[katal)
else:
sentimen.append('1')

if kata in df_negatingword['word'].values: # Perikso opakch kote odaloh negoting word
negating flag = True # Set flag jiko kato odoloh negating word

return sentimen

# Fungsi untuk menentukon Label berdosarkon total skor sentimen
def tentukan_label(hasil):
angka = [int(x) for x in hasil]
total_skor = sum{angka)
if total_skor » @:
return 'Positif’
elif total skor < B:
return 'Negatif'
else:
return 'Netral'

# Boca dataset pandas
df = pd.read csv('D:\SKRIPSI\Text Processing\TRY Velid\Sentistrenght\datal.csv')
df['Tweet'] = df['Tweet’].astype{str)

# Melabelkan teks pado kolom tertentu dalom dataset
df["Scores'] = df['Tweet'].apply{melabelkan_teks)

# Menergpkan fungsi pada kolom hasil untuk mendapatkan kolom Label
df["Label'] = df['Scores'].apply(tentukan_label)

# Simpan DataFrame ke file CSV
df.to_csv('Di\SKRIPSI\Text Processing)\TRY Valid\SentiStrenght\sentistrenght out.csv', index=False)
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Lampiran 4 - WordCloud

In [1]: # WrodCloud

import pandas as pd
import matplotlib.pyplot as plt
from wordcloud import WordCloud

# Bacg data tweet yang teloh diproses dan memiliki Label sentimen
# Misolnya, dotq tweet_processed.csv memiliki kolom ‘processed tweet' don 'semtimen'
deta = pd.read_excel{'D:\SKRIPSI\wordcloud_cepat.xlsx')

# Pisghkan data berdasarkan sentimen
positive tweets = data[data 'PAKAR'] == 'POSITIF']['cleansd_text']
negative_tweets = data[datal 'PAKAR'] ‘NEGATIF']['cleaned text']
neutral_tweets = data[data[ 'PAKAR'] ETRAL'J['cleaned_text']

# Fungsi untuk membugt dan mengmpilkan wordcloud
def create_and_display_wordcloud(text, title):
wordcloud = WordCloud{width=89@, height=46@; background color='white').generate(text)
plt.figure(figsize=(10, 5}))
plt.imshow(wordcloud, interpolation='bilinear')
plt.axis('off'")
plt.title(title)
plt.shou()

# Membugt wordcloud untuk setiap kategori

create_and_display wordcloud(' '.join{positive tweets), 'Positive Tweets Wordcloud')
create_gnd_display_wordcloud(' '.join(negative tweets), 'Negstive Tweets Wordcloud')
create_and_display_wordcloud(' '.Jjoin(neutral tweets), 'Neutral Tweets Wordcloud')

Lampiran 5 — Klasifikasi

In [9]: |#NAIVE BAYES CLASSIFER

import pandss as pd

from sklearn.feature_extraction.text import TfidfVectorizer

from sklearn.model_selection import train_test split

from sklearn.naive_bayes import Multinomiallg

from sklearn.metrics import confusion matrix, accuracy_score, precision_score, recall_score, fl_score
import seaborn as sns

import matplotlib.pyplot as plt

¥ Step 1: Import Librory and read the datoset
data_NB = pd.read_csv("D:\SKRIPSI\Text Processing\TF-IDF\data_tweet.csv")

# Step 2: Preprocessing (if needed) - Not shown in this example gs it depends on the datg

# Step 3: Split the dotg into features (tweets) ond Lobels (Labels)
tweets = data NB[ 'token_text']
labels = data NB['lLabel']

# Step 4 Fegture extraction using TF-IDF
tfidf vectorizer = TfidfVectorizer{mex_features=1088) # You con adjust the number of fectures gs needed
X_tfidf = tfidf_vectorizer.fit_transform(tweets)

# Step 5: Split the dote into trainimg and testing sets (88% - 26%)
X_train, X_test, y_train, y test = train_test_split(X tfidf, lsbels, test size=8.2, random_state=42)

# Membuat objek Naive Boyes
nb_classifier = MultinomialNB()

# Melgtih model dengan doto pelotihan
nb_classifier,fit(X_train, y_train)

# Melgkukon prediksi pado deta pengujion
y_pred = nb_classifier.predict(X_test)

# Step B: Calculate metrics - Confusion motrix, occuracy, precision, recall, and f1 score
confusion_met = confusion_matrix(y test, y_pred)

accuracy = accuracy_score(y_test, y_pred)

precision = precision_score(y_test, y_pred, average='weighted')

recall = recall_score(y_test, y_pred, average='weighted')

f1 = f1_score(y_test, y_pred, average='weighted')

# Convert metrics to percemtoge and round to 2 decimal places
accuracy_percent = round{accuracy ¥ 188, 2)
precision_percent = round{precision * 188, 2)

recall_percent = round{recall * 188, 2)

f1 percent = round(f1l * 188, 2)

print("Confusion Matrix:")
print(confusion_mat)
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In [18]:

¥ Step 9: Plot the confusion matrix os g heatmop
plt.figure{figsize=(8, 6))
sns.heatmap(confusion_mat, annot=True, fmt="d", cmap="Blues", xticklabels=["Negatif", "Netral®,"Positif"], yticklabels=["Negatif’
plt.xlabel{"Predicted Label")
plt.ylabel{"True Label"}
plt.title("Confusion Matrix")
plt.show()

print(™)

print(
print!

Hasil luasi Maive Bayes Classifier ===")
curacy: {}%".format(accuracy_percent})

print("Precision: {}%".format{precision_percent})}
print("Recall: {}%".format({recall_percent))
print("F1 Score: {}¥".format(fl_percent))

#5UPPORT VECCTOR MACHINE

import pandas as pd

from sklearn.feature_extraction.text import TfidfVectorizer

from sklearn.model_selection import train_test split
from sklearn.svm import SVC

from sklearn.metrics import confusion_matrix, accuracy score, precision_score, recall_score, f1_score
import seaborn as sns

import matplotlib.pyplot as plt

# Step 1: Import Librory and reod the dotoset

data_SV = pd.read_csv("D:\SKRIPSI\Text Processing\TF-1DF\data tweet.csv”
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£ Step 2: Preprocessing (if needed) - Not shown in this example os it depends on the dota

# Step
tueets
lgbels

3

: Split the doto into features (tweets) and Lobels {labels)

data_SV['token_text']
data SV['Label']

# Step 4: Feature extrgction using TF-IDF

tfidf_vectorizer = TfidfVectorizer(max features=1088)

X_tfidf = tfidf vectorizer.fit_transform(tweets)

# Step 5: SpLit the doto into troining and testing sets (B8% - 20%)

# You con adjust the number of features as needed

X train, X_test, y_train, y test = train_test_split{X tfidf, labels, test_size=8.2, random_state=42)

# Membugt objek SUM
svm_classifier = SVC(kernel='linear', random state=42)

# Melatih model dengan dotc pelatihan
sym_classifier.fit(X_train, y_train)

# Melakukan prediksi poda data pengujian
y_pred = sym classifier.predict(X_test)

# Step 8: Calculate metrics - Comfusion motrix, eccuracy, precisien, receil, ond f1 score
confusion_mat = confusion_matrix(y_test, y_pred)
accuracy = accuracy_score(y_test, y_pred)

precision = precision_score{y_test, y_pred, average='weighted')

recall

recall score(y_test, y_pred, average='weighted')

f1 = f1_scorely _test, y_pred, sverage='weighted')

# Calculgte metrics in percentage
accuracy_percent = accuracy * 1088
precision_percent = precision * 18@
recall percent = recall * 18@

f1 percent = 1 * 188

print{"Confusion Matrix:")
print({confusion mat)

# Step 9: Plot the confusion matrix os g heatmap
plt.figure(figsize=(8, 6))

sns. heagtmap(confusion_met, annot=True, fmt="d", cmep="Greens", xticklabels=["Negatif", "Metral", "Positif"], yticklabels=["Hegat:
plt.xisbel("Predicted Label")
plt.ylabel("True Label")
plt.title("Confusion Mats
plt.show()

511 Evaluasi Support Vector Machine =
', accuracy_percent, %"}

:", precision_percent, "%")

1", recall_percent, "¥")

print("F1 Score:", f1_percent; "%")

i
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In [5]: #DECISION TREE

import pandss as pd

from sklearn.feature_extraction.text import TfidfVectorizer

from sklearn.model selection import train_test split

from sklearn.tree import DecisionTreeClassifier # Menggunakan Decision Tree

from sklegrn.metrics import confusion matrix, accuracy score, precision_score, recall score, fl_score
import seaborn as sns

import matplotlib.pyplot as plt

# Step 1: Import Library and reod the datoset
data_DT = pd.read csv(r"D:\SKRIPSI\Text Processing)\TF-IDF\data_tweet.csv")

# Step 2: Preprocessing (1if needed) - Not shown in this example gs it depends on the data

# Step 3; SplLit the dato into fegtures (tweets) and Lobels (Labels)
tweets = data DT['token_text']
1sbels = data DT['Label']

# Step 4: Feature extraction using TF-IDF
tfidf_vectorizer = TfidfVectorizer(max_features=1888) # You can odjust the number of features gs nesded
X_tfidf = tfidf vectorizer.fit_transform(tweets)

# Step 5! Split the date into troining and testing sets (88% - 20%)
¥_train, X_test, y train, y_test = train_test split{X tfidf, labels, test size=8.3, random_state=41)

# Membuot objek Decision Tree Clossifier
dt_classifier = DecisionTreeClassifier(random_state=42)

# Melatih model dengan doto pelotihan
dt_classifier.fit(X train, y_train)

# Melokukon prediksi padae dato penguiion
y_pred = dt_classifier.predict{X_test)

# Step 8: Colculate metrics - Confusion motrix, occuracy, precision, recoll, and fI score
confusion_mat = confusion_matrix{y_test, y_pred)

accuracy = sccuracy score(y_test, y_pred)

precision = precision_score(y_test, y_pred, average='wsighted')

recall = recall score{y_test, y pred, average='weighted')

f1 = f1_score(y_test, y_pred, sverage='weighted')

# Convert metrics to percentoge ond round to 2 decimal pleces
accuracy_percent = round(accuracy * 188, 2)

precision_percent = round{precision * 188, 2)

recall percent = round(recall * 108, 2)

f1_percent = round(fl * 10@, 2)

print{"Confusion Matrix:™)

print{confusion_mat)

# Step 9: Plot the confusion matrix gs g heotmap

plt.fipure(figsize=(8, 6})

sns.heatmap(confusion_mat, annot=True, fmi="d", cmap="Greens", xticklabels=["Negatif", "Metral®”, "Positif"], yticklsbels=["MNegat:
plt.xlabel("Predicted Label")

plt.ylabel("True Labsl")

plt.title("Confusion Matrix™)

plt.shou()

luasi Decision Tree ==")
format (accuracy_percent))
format(precision_percent})
rmat{recall_percent})

Lampiran 6 — Kode Identifikasi Relasi Kata

In [1]: import nltk
import pandas as pd
from mlxtend.preprocessing import TransactionEncoder
from nltk.tokenize import word_tokenize, sent_tokenize
from mlxtend.freguent_patterns import apriori, association_rules
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In [2]:
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df = pd.read_csv(r'D:\SKRIPSI\Text Processi
df['clean_teks'] = df['clean_teks'].str.sp
te = TransactionEncoder()

te_ary = te.fit_transform{df['clesn_teks'])

df_encoded = pd.DataFrame(te_ary, columns=te.columns_)

frequent_itemsets = apriori(df encoded, min_support=8.1, use_colnames=True)

associgtion_rules_df = sssociation_rules(frequent itemsets, metric="confidence", min_threshold=8.1}
association_rules_filtered = associstion_rules dff['antecedents', 'conseguents', 'support', 'confidence’, '1i
association_rules_filtered.head(58)

csv", usecols=['clean_teks'])

1
=

v.
o

Lampiran 7 — Daftar Bimbingan

—

2 Tanggal S Catatan
Ho Daosen Topik B Jenis Bimbingan Parbatkan
1 5709 - MUMNEWAR. . | pads tanggal 6 november 2023, disdakan bimbingan untuk | 27 Feb 2024 | Skripsi/Tesis/BusinessPlan
S.TR, MM, Ph.Cy judul dan kensep proposa penelitian Proposal
2 | 5709 - MUMAWER , | pads tanggal 13 November, disdakan himbingan untuk 27 Feb 2024 Shripsi/Tesis/BusinessPlan
S.TR MM, Ph.Cy pengerjzan bab 1 lztar belakang, tujuan, dan manfast Propesal
penelitian
3 5709 - MUNAWAR,, | pads tanggal 20 November 2023, diadskan bimbingan untuk | 27 Feb 2024 SkripsiTesis/BusinessPlan
S.TR, MM, Ph.Cy pengerjaan bab 2 tinjauan pustaka dan revisi kerangka Froposal
berpikir di bab 1
4 5709 - MUMAWER . | pads tanggal 27 MNovember 2023, diadakan revisi unkuk 27 Feb 2024 | Skripsi/Tesis/BusinessPlan
S.TR MM, Ph.D. penambahan tinjauan pustaka di bab 2, dilanjutkan untuk Froposal
bimbingan bab 3
5 5705 - MUMNAWAR . pacs tanggal 4 desember 2023, dilabuban revisi pada bagian 27 Feb 2024 | Skripsi/Tesis/BusinessPlan
S.TR. MM, Ph.D. tahap penslitizn di bab 3 Fropossal
6 5709 - MUMEWRER ,  pads tanggal 11 Dessmbar 2023, penandstanganan surat 27 Feb 2024 Skripsi/Tesis/BusinessPlan
S.TR. MM, Ph.Dy pengajuan seminar proposal Froposal
7 | 5709 - MUMANWER. . | pads tanggal 18 desember 2023, diadakan bimbingan 27 Feb 2024 Skripsi|Tesis/BusinessPlan
S.TE MM, Ph.D. pengerjzan bab 4 dan memperbaiki metods zlgeritma yang Proposal
digunakan
§ | 5709 - MUMAWAR . pada tanggal 26 desember 2023, diadzkan revisi pada bagian | 27 Feb 2024 Skripsi/Tesis/BusinessFlan
S.TR MM, Ph.Cy pengumgulan data di bab 4 Propesal
9 | 5709 - MUNAWAR. . | pada tanggal 2 januari 2024, dilakukan bimbingan terkait 27 Feb 2024 shnpsTesis/BusinessPlan
S.TR, MM, Ph.y bab4 dan dilzkulan penembshan manfzat & bab 1 Froposal
10 570% - MUMAWER . | pada tanggal 2 januari 2024, dilakukan bimbingan terkait 27 Feb 2024 | Skripsi/Tesis/BusinessPlan
S.TR. MM, Ph.Du babs dan dilakuian penembsahan manfzat di bab 1 Proposal
11 5705 - MUMAWAR . pada tanggal § januari 2024, dilakukan bimbingan terkait 27 Feb 2024 | Skripsi/Tesis/BusinessPlan
S.TR. MM, Ph.D. revisi yang ada di bab 4 Proposal
12 | 5709 - MUNAWAR . | pada tanggal 15 januari 2024, dilakukan bimbingan terkait 27 Feb 2024 Skripsi[Tesis/BusinessPlan
S.TR. MM, Ph.D. penluisan pensltian Froposal
13 5708 - MUMAWAR, . pada tanggal 22 januari 2024, dilakukan bimbingan terakhir 27 Feb 2024 Skripsi/Tesis/BusinessPlan
S.TR. MM, Ph.D. dan memastikan tidak ada kesalahan dalam penelitian Froposal

14 5709 - MUMAVAR. . pads tanggal 12 februan dilakukan penandstanganan tuges | 27 Feb 2024 Skripsi/Tesis/BusinessPlan
S.TR MM, Ph.D. akhir dan bimbingan terkait sidang bugas akhir Froposal
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Lampiran 8 — Lembar Pengajuan Sidang
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FAKULTAS ILMU KOMPUTER
JI. Arjuna Utara No. 9, Tol Tomang, Kebon Jeruk, Jakarta Barat 11470

FORM PENGAJUAN SIDANG
MAGANG / SEMINAR PROPOSAL/ SKRIPSI/ TUGAS AKHIR

Nama : MUHAMAD AKBAR RAMADHAN

NIM 1 20190801425

Program Studi  : Teknik Informatika / Sistem-Informasi*

Judul : ANALISIS SENTIMEN KAUM HOMOSEKSUAL PADA MEDIA

SOSIAL X (TWITTER) MENGGUNAKAN METODE
KLASIFIKASI NAIVE BAYES CLASSIFIER (NBC), SUPPORT
VECTOR MACHINE (S§VM), DAN DECISION TREE

Periode 1 Ganjil / Genap* (Tahun Akademik 2023-2024)

Kategori o Sidang-Magang / SeminarPrepesal / Sidang Skripsi *

*corel yang tidak perlu

Jakarta, 29 Januari 2024
Menyetujui,

Pembimbing

(Ir. Munawar, MMSI, M.Com, Ph.D)
Mengetahui,

Koordinator Tugas Akhir

7

(MUHAMAD BAHRUL ULUM, S.kom, M .kom)
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